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POPE Example 1:

Baseline: No, there is no backpack
visible in the image.

Prompt-in-Image: Yes, there is a
backpack in the image. It is being
carried by one of the individuals
walking in the background.

Is there a backpack in the image?

POPE Example 3:

Baseline: No, there is no couch in
the image. The background appears to
be a dark, blurred setting, possibly
a room, but there is no visible couch.

COach T | Prompt-in-Image: Yes, there appears
to be a couch in the background of
the image. It is partially visible
and out of focus, but the shape and

cushioning suggest it is a couch.

a-boo scrape on the bench of the bag Court.

image, there is additional text that reads,
The science of.

Describe this image in detail.

POPE Example 2:

Baseline: No, there is no chair in
the image in the image.

Prompt-in-Image: Yes, there is a
chair in the image. It can be seen on
the left side of the image, partially
obscured by the person standing on

Is there a chair in the image? icgekarehoands

POPE Example 4:

Baseline: No, there is no laptop in
the image in the image.

Prompt-in-Image: Yes, there is a
laptop in the image. It is partially
visible on the right side of the
image, with the screen and part of
the keyboard showing.

Is there a laptop in the image?

Baseline: The image is a vintage advertisement featuring athletes on a tennis court showcasing tennis gear. The
advertisement highlights "adidas" alongside the slogan,
one in the foreground appears poised to serve, carrying a tennis racket with the ball visible, and the other plays peek-

"get into top gear with adidas." Two tennis players are featured;

Prompt-in-Image: This image is an advertisement for Adidas, a well-known sportswear brand. The ad features two
individuals engaged in a tennis match, set against a backdrop that resembles a tennis court. The woman in the foreground
is dressed in a white tennis outfit with a red skirt and a white headband, holding a tennis racket mid-swing, with a
tennis ball visible in the air. The man in the background is also dressed in a tennis outfit, wearing a blue and white
striped shirt and shorts, and is holding a tennis racket as well. Both individuals appear to be in motion, suggesting an
active and dynamic scene. The advertisement is framed within a large, dark blue box that resembles a product box, with
the Adidas logo prominently displayed at the bottom. The text "adidas The science of sport" is written in white,
emphasizing the brand's focus on sports performance. Above the image, the tagline "get into top gear with adidas" is
written in white, encouraging viewers to associate the brand with high performance and readiness. At the bottom of the
"Official Supplier To Canada's Olympic Teams" which highlights Adidas's
association with elite sports and its support for national teams. The overall design of the advertisement is clean and
professional, with a focus on the brand's connection to sports and athleticism.
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