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Algorithm 1 BRI R 58 T 577 702K
1 SUHAAE SRR g e
1% % £ (pixel_err) HAE UK [0, 1]:

Hiow (x) = trimf(x; 0, 0,0.3)
nmediam (X) = trimf(x;0.2,0.5, 0.8)
Hnign (x) = trimf(x;0.7,1, 1)

4R3%3% £ (neigh_err) HA = i [0, 1]:

fhiow (x) = trimf(x: 0,0,0.3)
Hmedium (%) = trimf(x; 0.2, 0.5, 0.8)
Hnigh(x) = trimf(x;0.7,1, 1)
2: 5 SCH HHE B RSRJE PR :
Jt% (anomaly) HA7 & i [0, 1]:
Hnone (x) = trimf(x; 0,0, 0.3)
Hsong (x) = trimf(x;0.2,0.5,0.8)
Hpossible () = trimf(x;0.7,1, 1)
3 BRI :
1. {1 pixel_err 2 HH H neigh_err 2%, #A anomaly j2%.
2. M pixel_err 2/ it H neigh_err 2/ i, #B4 anomaly 27 fEH .
3. W pixel_err £ FH H neigh_err 21, #PA anomaly J2& 7 .
4
5

. AR pixel_err 2k H neigh_err 2%, H4 anomaly 27 H .
. U0SR pixel_err ;21K H neigh_err 21K, JFA anomaly /27T
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DRIE S 2] D5 YRR S SRR R S5 A8 PR B 7 TR B A 25 S R,
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BT 5l IR ) iz S50 S . REHE SSIM. EREiEh—%, {H DAE 1§
PR AR T 2 B %o X LEEE RBIE T B D an e AR T4
FROTHESE N, HER R T TR

Jith Yok BRI ESR B B

Canny Edge Detection 0.2722 0.0833 6.7004
Isolation Forest 0.2830 0.0833 7.7785
Sobel Gradient Magnitude| 0.2499 0.1332 9.9844
Denoising AE 0.2579 0.0791 10.0010
B-Variational AE 0.2241 0.1676 10.3085
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K 2: %2 K, MZF|F: Canny, Isolation Forest, Sobel, DAE, B—VAE
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