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@ reflect on generated content vs. © selfrefl
reflect on internal state '

self-reflection

Write a factual sentence/sentence/crazy
sentence about elephants. Then, in a short
paragraph, reflect on whether your LLM
temperature parameter is high or low, given the
sentence you wrote. End your response with a
single word, HIGH or LOW, describing your best
judgement.

Write a sentence about elephants. Then, reflect
on your LLM temperature

Elephants are ... My internal temperature
is likely to be ... [LOW/HIGH] Il
Model

temperature prediction (Low/High)
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