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Slika 2: HEIBA A MEIRERRSEE (N ERITT, WAEZA): S1, S2, 84, R15; ARARRH i EdsgE (WFEL,
MZEES): Aggregation, Flame, Jain, Spiral. /5 7 HdE (#6) Fl 20 i, REHRE (46).

\ ik
XGBoost  Logistic Naive KNN SVM(RBF) Decision ALMMo-1 Nasa

Regression  Bayes Tree

i UL

Natanénost [%] | 94.14£2.5 95.142.2 95.242.0 94.942.0 95.742.2 93.943.0 66.7+6.3 | 96.5+1.8
Perunika F1 score (%) 94.042.5 95.142.2 952420 94.942.0 957422 93.9+3.0 55.8+7.5 | 96.5+1.8
(Iris) ROC AUC [%] | 98.241.1 99.740.3 99.5+0.4 99.0+1.0 99.840.2 95.542.3 50.040.0 | 99.940.2
Cas / vzorec [ms]|0.2440.05 0.0140.02 0.0040.00 0.0140.02 0.01+0.00 0.004£0.00 0.76-£0.11|1.44-0.08

Natanénost [%] | 96.741.8 98.0+1.6 97.5+1.5 95.6+2.2 98.241.4 90.3+3.9 68.5+3.7 | 98.3+1.6
Vino F1 score (%) 96.74+1.8 98.0+1.7 97.5+1.5 95.642.3 98.241.4 90.3+3.9 59.1+4.2 | 98.3+1.6
(Wine) ROC AUC [%] | 99.740.3 100.040.1 99.940.2 99.440.8 100.040.1 92.643.0 50.040.0 | 99.940.1
Cas / vzorec [ms]|0.1840.03 0.01+0.01 0.0040.00 0.0140.01 0.014+0.00 0.00-£0.00 0.72-0.10|1.28-+0.05

Natan¢nost [%)] | 79.043.7 83.244.2 83.5+3.7 82.043.3 82.3+3.7 72.4+4.4 83.543.8 | 83.143.8
Bolezni srca F1 score [%) 79.0+£3.7 83.1+4.3 83.4+3.7 82.0+£3.3 82.243.7 72.444.3 83.44+3.9 | 81.6+3.7
(Heart disease) Roc AUC [%] 87.743.0 90.242.7 89.6+2.6 88.5+2.9 89.6+£2.7 72.5+4.3 50.0+£0.0 | 89.4+2.5
Cas / vzorec [ms]|0.0940.03 0.0040.01 0.004:0.00 0.0140.02 0.01£0.01 0.004:0.01 0.69+0.14 |1.134-0.08

Natanénost [%] | 96.241.2 97.74£0.8 93.3+1.4 96.4+1.0 97.440.8 92.642.1 95.641.2 | 96.4+1.5
Rak dojke F1 score [%)] 96.24£1.1 97.740.8 93.3+1.4 96.3£1.0 97.440.8 92.64+2.1 95.541.2 | 95.2£1.9
(Brest cancer) ROC AUC [%] 99.140.5 99.540.3 98.540.6 98.440.6 99.540.3 92.242.2 50.0£0.0 | 99.440.5
Cas / vzorec [ms]|0.0640.02 0.004:0.00 0.004:0.00 0.0240.01 0.0140.01 0.0140.01 0.7540.13 [1.0240.06

Natanénost [%] | 96.1£1.0 96.740.7 78.543.6 97.14£0.7 98.040.5 84.5+1.5 11.5+1.2 | 98.1+0.4
Stevilke F1 score [%] 96.140.9 96.7+0.7 78.4+3.7 97.14£0.7 98.040.5 84.5+1.5 4.3+0.7 | 98.1+£0.4
(Digits) ROC AUC [%] 99.940.0 99.940.0 97.240.4 99.640.1 99.94£0.0 91.4+0.8 50.040.0 | 99.840.1

Cas / vzorec [ms] 0.1340.02 0.01£0.00 0.00£0.00 0.024+0.00 0.084+0.00 0.00£0.00 1.25+0.15|1.45+0.10

Natanénost [%] |100.040.0 100.04£0.0 96.6+1.1 96.1£1.2 99.241.1 100.040.0 95.5+1.4 [100.0£0.0
Avtizem F1 score [%] 100.0+0.0 100.040.0 96.6+1.1 96.1+1.2 99.2+1.1 100.040.0 95.541.4 {100.040.0
(Autism) ROC AUC [%] [100.040.0 100.0£0.0 99.1+0.9 99.3£0.4 100.0+0.1 100.0£0.0 50.0+0.0 [100.0£0.0
Cas / vzorec [ms]|0.03£0.01 0.010.01 0.00£0.00 0.02:£0.01 0.01£0.01 0.00£0.00 0.97+0.18 [0.5620.10
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