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Fig. 1. M4EHREN. (a) BEPWLE. (b) FRER.
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Bl AN PREASTT BT, GAPY 2l g i ad [ 2 = TR %k, (=S
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BT s N TE SIS © RecGym. QVAR-Ail Ultra-Gesture. %k S 43
T AR AR AT S 2R 2, A5 RERE ) 2 HbPPAN T 5 B AR & BRSO B8R
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. BAE 10 42 5FPAT 12 ML sk, 38 e T i_E i s i gE .
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AT 10 FpP25 bl Sy . B [14] (5 B TR RN T8R4, 5 7 40 ik
11 8 FARFRI B AT $11 5,600 A,

4.2 FROLEBFIMAERA

The raw signals are segmented using a sliding window approach with a window size of 2
seconds and 50% overlap, resulting in time-series tensors with shape (C x T) where C is
the number of channels and T denotes time steps. Normalization is applied per channel to
remove sensor-specific biases. These segments are used for both offline training and on-device
personalization without any handcrafted feature extraction, ensuring the process remains

fully learnable and end-to-end.

4.3 PR

AR E— 73k (L1PO) A2 Ul SRS AU B S i L . AN, —
NS HEBARAHBRAESS, HT NG GRE TR TG . B2 Sl ol 1
(B LB AT GR A Z AL RE T o D VI MRS, H AR 7 40%A0REAS I T84

, Vol. 1, No. 1, Article . Publication date: August 2025.



6 Kang et al.

BRI EREAIZ (DREASES ), TR 60% M Tl XA S T i 5 Y
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RecGym 90.37% 94.04% +3.73%
QVAR 67.13% 84.00% +17.38%
Ultra 91.93% 95.69% +3.70%

QVAR Ml SRR B R 8 (+17.38%) , X7 Al e i I 1 R 2 (5 S AL
FIECK I a8 7 . Ultra Al ReecGym Sty (B IRAIMH—Eiy ek, RUEEANTA
AR B AL PERE . X LGRS TR G JEAR AT NPT DA 2R A e e A 2k
PERE, RIMEREI AR AE T P EINZRA

TEFTABRSE b, A MEACRE AR AR— AT ) J5 o BB S B . 2T M 25 £
FRRGE, BERIT SRR 8 N B TR IR L b e 5 i AT
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