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<D 1: Temporal Dynamics & i & 2:Behavioral Arbitration & Adaptation

Latency Metrics Overlap Management (Efficacy)
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Ga verlap statistics Tur
Voice Activity Projection (VAP) accurac y Dialogue
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Word Error Rate (WER)
Conditioned Perplexity (c-PPL)
Content accuracy and relevance
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Contextual Coherence & Recovery
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LLM-as-a-Judge evaluation
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